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1712n% '8T2 = OHDSI Nn7'ap .1

[1ITh1 Nvn

NONT MPIN,D'MT 2w NMIN?2I'A NN KD (Open Health Data Science Initiative) OHDSI n%'np
NNION NN DTP7 NILNA NTON WK ,NMYUNI NNANIPNN QR ,NMTIN IN NIRM IR RO
.NDNT NMY DNPNA NIVXNNA

NITINN ,01IN2 D220 NITNN :NIRNPY 3 2V NDDIANN 'RI91 1PNAYT NM2IV WA ARpn 272'0pn
.12 11 1pNAY% NNPI9VY79 0'0A 2V DNPNN QIN'WININI9T NAI712'1D

1"y DUNIN?2'AI DRI DNPNN VIX IWAN? ,INI9T YT WIN'WN NN P'Run? XN OHDSI navn
NMIN?2'2 "W NIYXARL NINMAN NINY1IVA NIAIM 2'9n? |21 NITOINI NIXAN |12 D01 DNpIN
J121XA NNI9T NAWNYT 'WXAND ,ANIIWN 12 IRI9T IpNn 7Y

12012 NI 80-7 2un% D'wn 91N nannn ™l 2014 nawa 2"nNa anpin OHDSI n7'ap
.0721Un

N1TN .UT'A '00IAN D''RI9T DNPNAY? VTN D'anwnn nnani 0'an 3,500-7 2un n%710 n2'npn
.2023 naw 9107 [122,N¥17 DI'RI91 D120 6 N9'0IN ,NN1] DTN NIVXANRL 78!

OHDSI By The Numbers

+ 3,758 collaborators

+ 83 countries

+ 21 time zones

+ 6 continents

* 1 community v,

OHDSl.org 10 " OHDSl.org

OHDSI Journey
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BThCECREE D71V 2210 DNpINY NINa 201190 .pnn? NIVXNl 0Dpnn %2100 T %0119 =
X191 DINN 222 0''' DNPNAYT 9I0X¥N7 IN/1 DNpNN DITY D'YWpanNn

NINT'DITIDO 72U WAT JIN 0'"12IN-11 DMPNA VIN'A] VI'ol D27 DIona =
NmMY21v 992 ninRnl

DNPNN 122 ,0'NWID 1IN DT OMYpNN 0N ,pnnY? 0'%'wa omnie s
79w Open source N 221 DMIQ'WI DN 7101 ,NIRIOT NAI212'NID ,DMNION
.N7'"npn

.D'NTPNN 022 NIYNANL D'RIOT 01N W qIN'Y DIT'R7 D012 NINITO DI =

MaN %2 DY NI TIp ,0MpPNA qNw21 00197 DNpIn? NMwaxn OHDSI 2w nniman navnn
JIMINTIAN NNN2 NN NIZ0 VT 9 0PN QIN'YN .02MNMpn

:DIWN IN? N7'0P7 DANIYN DIPINN 7217 2X¥) NN A'XA D'YINN
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D"171220 NN

.N71VQ "9IN'WI 1pNNA Y1071 2un7 T3 n2'pn 'y INNI9 Open source 72 |11AN

MI1DN YT IX K77 '0'01 'DD'LLD 1PNN UXA? IPINT Awarnn ATLAS NX |1 0900 7% 'an
LD .0MTPNA Al -1 'XP'TI9 NN VINA? R 2w Ninam ni?'an 97120 ,HADES nxt T namna IN
Jwnna viaim OHDSI 191 v

mIiv" Ipnni n'X?1n DINN

N3N N72' OHDSI .NIKMAN N2WAA 1A XYY T2 NIV YR 170N 11AY7 AT vt pnn
N121n) OHDSI N'MYNA UXIAW 17NN NIRXIN 1ANYT [N NRTNIDT . WIRA nwaN bn119d FDA n v
.FDA 9 12119 101 NIRXIN NITA p7N2 (AT'NR N213'nvl OMOP

NLNT 2V DPNN NIA7WNN 'RI9T TIY NNANENISNN NNAN MY NYun? n2%0 NNWIN 122 1T NN
.M1D72I0 NWN? [nMxim nwana (Real World Data) mmn 'N191

NIVXANI N'APY NN119D29 NNPNY D'YATIN D'ANWNAI [ATA NYpYNn 2V MIvawn atnn 137a)"
.OMOP-CDM

NIA'NA ;%Y D'N'AXNN DIININ 'TON 7Y 12AwnY NNaiwn N1anad 12'2T NN11an?an nion
122101 DAY D'NININ VIN'] NAYINY NN2AMN NIZIWWIAL;DRAININ 72 Naiwnn

DOI ORG

Erica A Voss et al, Feasibility and utility of applications of the common data
model to multiple, disparate observational health databases, Journal of the
American Medical Informatics Association, Volume 22, Issue 3, March 2015,
Pages 553-564
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19PN VTN - Standardized Clinical Data
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Standardized health system Standardized
Person fe—— —— health economics
Observation_period Location | ~ I Cost |‘—
)
Death S —1 Care_site I(/\J | Payer_plan_period |«
Visit_occurrence e e - /!
/ = 1T 4—| Provider I‘
I \@ Standardized
| | Standardized vocabularies derived elements
— Condition_occurrence _
i | Concept IQ\ Condition_era
s Drug_exposure | \\ =
\ N 1 = Vocabulary I ) Drug_era
N | f \
; Proced
R > Procedure occurrence | Ik

Domain I J I Dose_era

\ N
> Device_exposure | ‘
T~

W\ N

Concept_class I / Results schema

Concept_synonym I <: Cohort

% Measurement I
;—‘)I Observation i
4\4 Note |

|
Note_NLP
\ Standardized
4*[ Episode i )i Concept_ancestor I metadata

4_[ Specimen I ?I Episode_event I | Source_to_concept_map I | CDM_source I

I Fact_relationship | I Drug_strength I I Metadata I

Cohort_definition

Standardized clinical data

d
I
|

y

2 Concept_relationship |«
|

Relationship I
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Concepts Hierarchy

T 5 levels of separation

Disease of the
cardiovascular
system -_\
Cardiac arrhythmia

Supraventricular
arrhythmia

Ancestry Relationships

2 levels of separation

[ Fibrillation

-

Atrial fibrillation

I i Atrial arrhythmia I

Controlled
atrial
fibrillation

Persistent Chronic Paroxysmal Rapid Permanent
atrial atrial atrial atrial atrial
fibrillation fibrillation fibrillation fibrillation fibrillation

:IP0 X1 — OMPO v qoin yTn?
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Data Quality Dashboard

MPNN YT 12NN .UTAN NI KID 'NI91N 071V2 Al NINNS NIN'AINRAN NPand DNANND TNN
[INNAN .021IN12N NIA'R N2IUN7Y 'D9IR VIINA WIN'Y 1NKY? 1pNNY7 waaini xim OMOP v ooainn
JI2'N NPT 1,500-n N2un? uxani pnnn VTAN 128N NITwNENIR?A0LN 770 NN DNan

DATA QUALITY ASSESSMENT

1BM MARKETSCAN MULTI-STATE MEDICAID DATABASE

DataQualityDashboard Version: 1.0.0
Results generated at 2020-08-24 15:44:34 in 3 hours

1BM MARKETSCAN MULTI-STATE
MEDICAID DATABASE

OVERVIEW

Verification Validation Total

Fail [ Total | % Pass | Pass | Fail | Total | % Pass | Pass | Fail [ Total | % Pass
Plausibility [geZc] 6 1855 100% 281 6 287 98% 2130 12 2142 99%
Conformance 550| 13 563 98% 80

0 80 100% 630 13 643 98%
Completeness 322 5 327 98% 12 0 12 100% 334 5 339 99%
RCIC 2721 24 2745 99% 373 6 379 98% 3094 30 3124 99%

D''NI9Y D'N2IN DNTAIN T2 [IN271 (Concepts) D''NIQY 0'NAIN WI9'NA JINNY 722 NNi1a Athena
NI1TANA Y''0NI D70KNN 2702 Ynoin 220 .011IYA 0'NAINN |2 DYPN NNl 'DITIDoN AI70PA
.0"2IN2 2I'VI PN NIDI7IN

”ATHENA

SEARCH BY KEYWORD atrial fibrillation O\ @
DOWNLOAD RESULTS Show by 15 .nems Total 3,769 items n 2 3 4 5 - 252 >

©® DOMAIN v DV CODE NAME CLASS CONCEPT VALIDITY DOMAIN VOCAB
® CONCEPT v _— . —— Clinical
313217 49436004 Atrial fibrillation Finding Standard Valid Condition SNOMED
@ CLASS v
45611600 DO001281 Atrial Fibrillation Main Heading  Non-standard  Valid Condition MeSH
® VOCAB v
4084452 164889003 ECG: atrial fibrillation g‘r'"g;fg Standard Valid Condition SNOMED
® VALIDITY v
42539348 762247006 Preexcited atrial fibrillation g‘r'"(‘;ﬁ,f‘g‘ Standard Valid Condition SNOMED
4154200 282825002 atrial fibrillation g’;{gf’% Standard Valid Condition SNOMED
44807374 31840100000 pvia fipritiation excluded oot Standard Valid Observation ~ SNOMED
4119602 233911009 Non-rheumatic atrial fibrillation %’,‘"};ﬁ% Standard Valid Condition SNOMED
4047554 134377004 Atrial fibrillation monitoring Procedure Standard Valid Observation SNOMED
. , 10668310000 s Clinical
42689664 0704 Atrial fibrillation detected Finding Standard Valid Condition SNOMED

m 44788803 (5637100000 Avrial fibrillation resolved Girical Standard Valid Condition SNOMED
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.ININ72'2N LITILOY D'AIPA DT NINN 2NN ARIDTTIT 'WIN 1PV wNRwn

'+ Usagi - testcpeCodestvizpping v I o [ i)
File Edit View Help
Staws | Source code | Sourceterm | Frequency | CodeText | Matchscors | ConceptiD |Conceptname Domain | Conceptclass| Vocabulaly | Conceptcode|Standardcon.] Parents |  Chilgren | Comment |
Approved  KB7.00 ' ion 594195 [ 081 316866 Hypertensive. Gondiion  Clinical Findi. SNOMED 38341003 S 1 27
Approved  L99.00 Other diseas... 580422 Andere ziekte... 047 0 Unmapped 0 0 Too generic
Approved  D01.00 Abdominal p.. 678588 Gegeneralis... 0.61 197988 Generalized .. Condiion  Clinical Findi.. SNOMED 102614006 S 1 0
Unchecked 599,00 Skin disease.. 675817 Andere ziekte. 0.75 43172588 Disorderofs.. Gonditon  Clinical Findi.. SNOMED 95320005 § 2 193
Linchecked TAA 00 2 1y I A 100 4113A4: I i Condition Clinical Findi NOMED 910004 1 0
Source code
Source code | Source term Frequency | GodeText |
599.00 Skin disease, offer 675817 Andere ziekte(n) huid/subcutis
Target concepts
ConceptID Conceptname | Domain Concept class Viocabulary Concept code Standard concept | Parents | Children |
4317258 Disorder of skin Condition Clinical Finding SNONED 95320005 B 2 193
Search
Query Filters
(] Filter by user selected concepts [ Filter by concept class: |2-dig nonbill code
@ Use source term as query
o ‘ ‘ Filter standard concepts [] Filter by vocabulary:
Query:
Include source terms Filter by domain: Condition
Results
Score [ Term ConceptiD | Concept name I Domain Conceptdlass | Vocabulary Conceptcode | Standard cancept | Parents Children
l0.75 Skin disease 4317258 Disorder of skin [Conaition Clinical Finding  SNOMED 95320005 s 2 183
0.65 Skin Disease, Fungal 137213 Dermal mycosis Conaition Ciinical Finaing ~~ SNOMED 14560005 s 3 12
057 AIDS with skin dise... 4224566 Skin disorder associsted with ADS  Candition Clinical Finging ~~ SNONED 421394009 S 2 2
0.56 Chronic skin disease 4134132 Chronic disease ofskin Conaition Clinical Finging ~~ SNOMED 128236002 S 2 26
0.55 Disease, Otologic 378161 Disorder of ear Conaition Ciinical Finding ~~ SNOMED 25906001 s 4 43
0.55 Disease, Hers 4163346 Glycogen storage disease, ypeVl  Condition Clinical Finding ~~ SNOMED 20291001 s 2 0
0.55 Other peripheral va... 321052 Peripheral vascular disease Conaition Ciinical Finding ~~ SNOMED 400047006 S 1 44
0.55 Other peripheral va... 4119612 Lower limo ischemia Conaition Clinical Finging ~~ SNOMED 233961000 S 2 3
0.55 Disease,Ormend 4176725 Retroperitoneal fiorosis Conaition Ciinical Finding ~~ SNOMED 49120005 s 1 3
.54 Pathological fractur... 73571 Pathological fracture Condition Clinical Finding ~ SNOMED 268020008 S 1 21
0.52 Disease, Tooth 4122115 Tooth disorder Condition Clinical Finding  SNOMED 234947003 S 3 58
0.52 Disease, Lip 135858 Disorder of lip Condition Clinical Finding ~ SNOMED 90678009 s 3 35
nE1 N Nl A442800 Bdultinl, ital e it 1 | Einc MOMED 2EANAANOA I n -
Replace concept | Add concept

Approved / fotal: 511037 _8.8% of total frequency

Analytical Tools

wNNYn? DNpINY DNYaNNnn 0'901 DMTPNN NIINNA N7 D' DNNIaNE INNI9 DIwN IR

.0"NI9N 011N NINMIY 27TINA

Ini?v 2% 2720 win'w? o'ninal (Open-Source) NINA Tij NIINNA D' NINN9A 72

:TIPN NN PIN0Y [N — 0'9011 0927

SCAN ME
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OMOP-? FHIR yT'nn DTIVD |'2 2TANN .6

D021M1 TN Nin (Fast Healthcare Interoperability Resources) FHIR

[DAN T2V N2 AWNE FHIR Nn2'0p nan T %V Nniann Mk

Mn ,N21wan X FHIR -0 N2 nnw? nnipun monn .HL7 nDapnin
7N2,NNILAI NLIYA ,NAIPY NIIXA DIINI NYAINT IN'Y TWaANT [IX]

o DAY A NINTAN QIR 2 ,NIKNAN AN UTRN NIDawn
$: .2790nN NIXNIE D910 112V NIXPHYaNI
< %W DI0IN NN URIN N'TAN K'Y NTAIVA DXV [PNN 7Y DTNt
APIs (Application Programming Interface) D"npn D'TT¥N '2 DNON
.0N"NNADINRN 2V N7 )2l

FHIR 2 u'pwin71 DTP7 1N RN OXR"1 "OMOP 2 FHIR yT'nin b1TIL0 |12 77200 nn" 0XI1Y DN
?"OMOP -2 v'pwin? DA 121 DNN

NT DMMWN gRI DIPTNA DN KK WD DR TAK DNI0 D' DIPNN WY P KW RN NAIWNN
ATNN

N'XIADINI VT NIAVUNYT 'WXNANRD 1PV D'WNRWN 19Y DRAINN D'-Resource -ni FHIR A win'w Tiva
D'wnwn N7w apnnn 221 OHDSI n72'np ,OMOP -0 ,29ibnn p'M 2w N21VanN NN12 NIDwN |1
122' DN PINT K70 TMYAY N1NY7 [N L1019 'IRI9T VTN NINNALIPNA '21X7 D72 DLO'OIPNI
NT 0DIPNN I 7Y DI PRI IAxTN 021 FHIR - d nimen 2un on%w OMOP-n Mann NX
NTTXY

.BI nianna /n1aima aonn? ni'21ivan ninavn 'aw on' UTnn Ipn v 2 0NN DK 2'wnin? [N
NT2aX 2w DIXY OTIVY 021N 1I0NN NNPNA NIXMNIN 2120 NIYRY 12va 19V Bl N nim%1va o)
J215aN0 NIDWNRN 2un NN NN NINY'RY N70an? ona 0'miiawTl

NIYMAN ,DWINAD ,WIN'WN NI 011NN AR NIX 2 XN NWYAYN-TNN NN20NN 0INY |10
J1P0Y NN2XNY NNG9NI D'DDY7IN7 DINY |INN' DINNA 012IN1 20NN 72vun "01an"n orTintin 00l
.OMOP 2 win'win 2120 DA 12ATN NNIT

MIN? DN ,(Health Data Research) HDR UK '"'v 2021 12an21111 00YI9Y JN0N2
237 pIT'NRINAY N N'22I82 'RI91 1NN DIT)Y

PO 9712 NI IRI9N VTN 0271V2 DMUPR DIIYA D'DITILON NK |12 10NN
DINN2 N'AI71220 NNANIPNA Q13 ,DIRATPNR NITOIN ,NINMA QAN 112N |2 UXIaY
Aln

.2'2PN2 D'LITILON YA YIN'WN DK NINANAI DRIAINRL DTP? RN RN NX7MN
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N12221 0D?71IVn 'AN12 OHDSI Mpnn? niknait .7

123 2V OHDSI N'7'np N1A0NA D71VN AN D'aniwni DNAXY DNpPNA 'R 1UXIA D1WN NXNNA
.OMOP 1 |pn '0DIAN YT NANN

:DNPNNY? NINN2 NIRNAAIT

7NN7 YR NMIN'T A'¥NII90IIL ATINN 'VOIANG 7TIN YW QIp'NI NIN'a
= 3 OHDSI nw12a nT'N NIpPA 9N 'NIDN Yaw1 N'VNILAN'O

mn'T N1'w %Y (12'0% NN TN NNRR?1 NN9? ANt Ipnnn Navn
.'NJ0'N 'NIN Yaw VN'R INX? DI' 30 11n2 (Hemorrhagic Transformation)

NIANP 0'MWY21,'NIM yaw 2w 'oIjpKn 1721 N'N1R-171 NA2IN QYA N2 im'T 1w
9N 'MAD'N 'NIN Yaw1 MIn'T 12'w 2 0TI MTNLI2'0 ' AT .Y NINANY NN
NJO'N 'NIN VN'R 7W NINANND 119'W7 ,7210 21IWN ,NIX 121910 10N N1'NAY 1 X7 0NN

91N

NXI1p DY Lasso N'001MI? N'01A1 7TIN NNIAQ 1AW 'T2I1N-17 '12'DPA0INLI IPNA 1210 IPNAN
Qniwn D1IINI D120 '97 1IIRY NIRPINANR NINLPZR NIRIOT NINIYAIN D272 D12AIM)
(Real D'ama nixiap 10 %y yxia 12%p win'w? 1avn 197 21mn qipm .(OMOP-CDM)

VORI NQN'R ,NPINARA 07291010 2w EHR niniw niv210n World Data)

UNINAN 'IN'T 12'w2 N N (120 02 091010 NINT? 212' NNI9Y 2TINN :NI2PoN
DTN OMOP-CDM vamvoa win'win .0.78 7w (AUC) nnipy? NNNN NLY DY ,N"0I73INN
TN TN NIN'AY '127I0-11 129 1jpnna EMR-1 nwn win'w? DINNN WK DRIM [N
217 0'N2'7227 Yror NP VTR NIDYA DY AT 77N A17'Y ,T'NYA NIMWKNIE 'D0I1aNg

.'NJD'X 'NIN YAW DY D'7910N 112V NI3IDIN 219'0 NIV7NN

NN V'Y NIX |"aN? T2 TNIM "V VU1 IRIT 'WAR 27W NTHINIDOPDIID
a@2xE | AN 26 19 Yy COVID-19 nv D'7In |I'7'n 24-1 DD'01N NIVIR'AN
i MIN? 11 12'DPA0NLI NAPIV PN VTN

(AESIs) Dmnn D'WN'N 2w NIVIRTN NIV DR [1aX? N2'D 1pnnn Naon
nuwn?1 ,SARS-CoV-2 9111 npaTtn 1NX? COVID-19 110N nniwpn
9930 NroI72182 0MIVON DNIVIYY DNIN

D"INDPZN NI PN ,NIMIWRT NINDINAN DRIN DY 'NIN?-17 DN 2V DOANN 1jNRN
NI 1-0 12 190K2 0T IPNA 112V DININ .9NIWN 021N 277 INNINY NI NIYAnI
,0'077'9IN,9"IN 270 1MW DDIX :I'N WRIN NN 0N1930 AESIs-n 16 .2022 'xn?% 2017
,NDYIAN NX-1IN AYNIp PRy T 0'TIANND ,%1 DY 2V 019N pIN'Y ,N90INN NPT
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;2NN K27 NN Yaw 211NN ‘NN yay ,N02-|X' NJINON ,MTwN DINNE NINN NPT
JTINT 9'NON ,N'09%1712 ,A70 DN NP2T/A%20 1Y NPT, )1I0'N NYI7N N910'XIANNYD
.N19ILXIANNDL DY OTIANNDI NANN yelitis N

INK? DNIV'WN NN NHWNY T2 1270 (SIR) 'l 22 19% 0D1DITIDON NIVIN'N NIV'Y DN!
.0"2IN3N '0'01N TNX 222 Naann 19% oniw'w? COVID-19

220 DY 1N 1772 DP2N TWKRD L AESIs-n NIy 7212197 NMIVAWN NRIY ININ NINNINN
IWIN'N DNIN 112V D2IWN 02NN '0'01 |2 DA 19X] 07720 .N2190 NN ININ DMNN N
ANN7W NINIAPA NINKAY NI APy (91N INID Npnaw AESIs-n %2 .'n-209 'anni nikmMa

JINTIR NINIpn nniv? CoVID-19

119720 n101721I82 TWRN 19-COVID 1nK? NIt 013193 AESIs-n 22w 72 2V D'TNN 12'RXNAN
D'212'0 W7 NIn 2V qon pnn waTa .10 'an Nt TNIA 0'XI9] 1N DT wWNp NN
NI NRD N 19-COVID anK7w

0'9011 DMIOS )'20N2 DMPNNIEPNAYT NIYXNL 09011 0'MI019 NRwNY

IM7van ™nN .2021 Niaw 17002 1K N0 1WN 112D 010 T 20 MW7 OHDSI [pn ni1 »nwn
DPIN DIANNWA N%X DM OTNA DI9NIWN 021NN 'MAN DIPIN T 20 DNPNR 7Y (13N 1UXIA
.D'"NIN72'2 PN MIIX2 D'N7YNNN DTN NNpIN

OMOP n 2Tin 121N 0'0A PV NN122 YNIAW NDRT pPNNY? XNNAIT

.2'DPADNLI NAPIY IPNN 77AON PINN 2 "NINwAN ONITI9"? DNN
nNINN v (BMI) NIt niaa 912 non 0pTalR 7Y n1an nvawin? on'nn "nanwnn opima”
.MN2 N2 TV OPITIan 7w NHLN NN NYAWNN ,NRT DY .NI9N NIMINT NIZNN 21N

N7'NpP2a NIYIIN NI9N NIMINT NIZNN DY 1INAIKY 0210 7w 21020 1jpNn V)
.(2020-2010) 78w MW RI9N TN

MY - NIT Nanwal 2pwn Ty L 'pn 2pwn S2pwn nn :BMI 9% ixalp niinn
7R NN 2 1IN JAREIXD NHD? AN

(NN naw) R nnoo1 (oir 90) AP NIV ANIMNN NIW'Y ,0"%1INN 25,226 7NN NIKXIN
.DNNNY IRNYNA PN 2w NIXIAPAL7PWNn NN NINIAPA INE DA 1IN

NN ey

N7 INAXY (91N MIWR ANYD N NIRYN 0T 9'PR pNn1a :Nipon
M'PN NNIYN 1970 DAY M2 NIRXIND JNRDEIXPD NHLA ANINNA
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